Journal of Quality Measurement and Analysis JQMA 19(2) 2023, 107-121
e-ISSN: 2600-8602 http://www.ukm.my/jgma

BUSINESS INTELLIGENCE APPLICATIONS ON HOUSEHOLD

EXPENDITURE SURVEY OF 2016 AND 2019
(Aplikasi Kecerdasan Perniagaan Mengenai Kajian Perbelanjaan Isi Rumah Tahun 2016 dan 2019)

SERAH LATHAN A/L SATHIAMOORTHI, SITI NOOR ASYIKIN BINTI MOHD RAZALI*,
MUHAMMAD AMMAR SHAFI & ROSSHAIRY ABD RAHMAN

ABSTRACT

According to The Malaysia Reserve, following the implementation of the new RM1,500
minimum wage, prices of basic items in the country will likely rise by 50 percent to 60 percent
beginning in June. This will affect the manufacturing cost. Due to increased manufacturing
costs and inflation, beverage firms have been under a great deal of pressure to boost their
pricing. This will impact the Malaysian household expenditure. The spending of consumer
will increase drastically. Therefore, a proper study must be conducted on the expenditures
among Malaysian people to understand the trend and current statistics of various races,
income, occupation, and education level. In this research, descriptive analysis, tree
decomposition method, and scatter plot clustering has been applied to examine household
expenditure. Microsoft Power Business Intelligence (Power BI) has been applied as a tool to
visualize the statistic, pattern or trends that could be explored through an attractive dashboard.
The dashboard represents the monthly expenditure averages by state, marital status, strata, and
gender. In addition, average total income and expenditures by occupation, ethnicity, highest
level of education, and industry also presented that could be explored by user in detail. Result
shows that the income and expenditures in Malaysia have been increased from 2016 to 2019.
According to the ethnicity, Chinese concur the highest monthly expenses in both 2016 and
2019 compared to other races. Meanwhile based on industry, activities of household as
employers has the highest expenses and occupation as a manager is also represents the highest
income as well as highest monthly expenses. Furthermore, based on education level,
Malaysian people who studied until degree and above has highest average income and
expenses monthly. Future works could be done by analyzing factors that affect the increases of
expenses among Malaysian people.
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ABSTRAK

Perbelanjaan pengguna telah meningkat secara mendadak. Oleh itu, kajian yang sewajarnya
perlu dilakukan terhadap perbelanjaan dalam kalangan rakyat Malaysia untuk memahami
trend dan statistik semasa pelbagai kaum, pendapatan, pekerjaan dan tahap pendidikan. Dalam
penyelidikan ini, analisis deskriptif, kaedah penguraian pokok, dan pengelompokan plot
taburan telah digunakan untuk mengkaji perbelanjaan isi rumah. Microsoft Power Business
Intelligence (Power BI) telah digunakan sebagai alat untuk menggambarkan statistik, corak
atau trend yang boleh diterokai melalui papan pemuka yang menarik. Papan pemuka mewakili
purata perbelanjaan bulanan mengikut negeri, status perkahwinan, strata dan jantina. Di
samping itu, purata jumlah pendapatan dan perbelanjaan mengikut pekerjaan, etnik, tahap
pendidikan tertinggi dan industri juga dibentangkan yang boleh diterokai oleh pengguna
secara terperinci. Keputusan menunjukkan bahawa pendapatan dan perbelanjaan di Malaysia
telah meningkat dari 2016 hingga 2019. Mengikut etnik, Cina bersetuju dengan perbelanjaan
bulanan tertinggi pada 2016 dan 2019 berbanding kaum lain. Manakala berdasarkan industri,
aktiviti isi rumah sebagai majikan mempunyai perbelanjaan tertinggi dan pekerjaan sebagai
pengurus juga mewakili pendapatan tertinggi serta perbelanjaan bulanan tertinggi. Tambahan
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pula, berdasarkan tahap pendidikan, rakyat Malaysia yang belajar sehingga ijazah dan ke atas
mempunyai purata pendapatan dan perbelanjaan bulanan tertinggi. Kerja masa hadapan boleh
dilakukan dengan menganalisis faktor-faktor yang mempengaruhi peningkatan perbelanjaan
dalam kalangan rakyat Malaysia.
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